Bayesian spatial prediction for the extended skew-t random field
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Abstract: This paper introduces a new spatial random field based on the multivariate extended skew-
t (EST) distribution, which enables more accurate spatial prediction. Owing to its inherent flexibility
in modeling asymmetry as well as heavy-tailed and light-tailed data, the proposed random field is well-
suited for predicting non-Gaussian spatial data. Simulation results demonstrate that the proposed model
significantly improves prediction accuracy compared to the classical Gaussian random field, particularly

in scenarios involving skewed and heavy-tailed spatial data.
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